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Resonant Grounding Fault Line Selection Method Based on Improved
EEMD and GA-BP Model
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Abstract: Targeting the problem of low identification accuracy of transient signal characteristics when grounding fault occurs in
resonant grounding system, and the single feature criterion is easily affected by fault conditions, the paper proposes a fault line
selection method based on improved EEMD and GA-BP neural network. Firstly, the hybrid algorithm of boundary local characteristic
scale extension method with ensemble empirical mode decomposition and multi—scale permutation entropy algorithm (MEEMD) is used
to decompose transient current signals. The decomposition indices show that MEEMD can accurately distinguish high— frequency
characteristic component and fundamental frequency component, effectively improving endpoint effect and suppressing mode confusion.
Then the energy, direction and margin factor of the reconstructed high—frequency components are extracted and used to train and test
GA-BP neural network. The results show that the proposed method is not affected by line type and grounding resistance, and has high
identification accuracy as well as strong robustness and fault tolerance.
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Fig.3 Schematic diagram of local feature extension of
boundary
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Table 2 Comparison of line fault characteristics with low
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Table 3 Comparison of line fault characteristics with
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