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Fig. 1 BERT-CRF model structure
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Fig. 3 Basic flow of BERT-CRF-RE2 based grid fault
handling plan matching method
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Table 1 Power grid fault handling plan entity labeling example
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Table 2 The dispatch object entity recognition results on
test samples

BA: %
M

o B 9585 9585 9585
o B osss 10000 9787
oo A 10000 965t 9822
o & o8 9778 9178
o B 10000 9706 98S1
o EEE 10000 9744 9870
L S ) O ) B S
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Fig. 4 Variation of output loss for each model with the
number of training rounds
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Fig. 5 Variation of accuracy for each model with the
number of training rounds
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Fig. 6 Variation of Ay values for each model with the
number of training rounds
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Matching Method for Power Grid Fault Handling Plan Based
on Semantic Enhancement

MENG Fei'!, LI Jiangpeng!, LI Tao!, XU Jianzhong!, GAO Haiyang!, QIAO Yongtian?
(1. State Grid Ningxia Electric Power Co., Ltd., Power Dispatch and Control Center, Yinchuan 750001, China;
2. Guodian Nari Nanjing Control System Co., Ltd., Nanjing 211106, China)

Abstract: In order to improve the matching efficiency and accuracy of grid fault handling plan, a semantic enhancement-based grid

fault handling plan matching method is proposed. Firstly, the multi-dispatch objects entities in the fault handling plan are

characterized as computable word vectors by fine-tuning the hyperparameters of the bidirectional encoder representations from

transformers (BERT) model, and integrated into the conditional random field (CRF) model to identify the dispatch objects entity

categories. And then, the semantic distance between the grid fault information and dispatch objects are computed based on the

residual vector-embedding vector-encoded vector (RE2), and a grid fault handling plan matching model is established based on

BERT-CRF-RE2. Finally, through validation of the data of a regional power grid, the proposed model effectively solves the problem

of low plan matching accuracy rate.
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