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ABSTRACT: Traditional video monitoring has been widely used in infrastructure projects, but the more intelligent on-site
monitoring system is needed due to the complex construction conditions and high management requirements in new energy
infrastructure. In this paper, the adaptive algorithm is used to manage the capital construction process of new energy projects.
The advanced artificial intelligence technology is fully utilized, and the microwave communication information transmission
method is combined to achieve high detection accuracy and strong anti-interference ability. The new energy intelligent
infrastructure management and control system can achieve real-time warning of violations and dangerous behaviors. As a result,
it can solve the problem that traditional video surveillance can only be used to check afterwards. Meanwhile, the remote
monitoring and online processing are supported for staffs, so as to reducing the workload of security supervision. Furthermore,
the system can also monitor the equipment status in real time, improving the supervision efficiency of new energy smart
infrastructure.
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Fig. 1 Process of deep learning identification method
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Fig. 2 New energy intelligent infrastructure management system
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Fig. 3 Behavior detection and recognition process
3.2 MR BEENHEMERE
3T Faster R-CNN Kzl 2% AT FPN %5

gﬁﬂﬁﬁ?ﬁ]‘%

=
——

\\\ Y S——
(il I ——
*ﬂj 4
£
B || Trr
+Gjnghﬁ@ BT
T 17
+gjgjgkﬁ@ U TR

AIE 4 7 15 I 48 A B 3R AT G AR AR S X, Faster
R-CNN A i) [ 2 A5 24 vp 1 B X 4% K H
ResNet50, K81/ 2% (1) 55 — J= 31 28 FUZRHE A
FINZE] FPN HHIESFIE MR, 6 FPN
REAIE 4 15 P 238 A TR 1 ) s R A N B SR R [X
SRR, R RS BT ARBO R X el
B N IR AE i, B BT 0l SR
REES: )48 R, anE] 4 B

OB X A bR

X AL

-

SHEEREDT

E 4 ETHSBEMRHEMEIRAIEE
Fig. 4 Neural network recognition model based on anchor point adaptation
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