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Research and application of fault diagnosis method for new energy power station
equipment based on big data mining
SUN Shu-min?, LI Huan-dong?, ZHANG Yong!, WANG Yue-jiao', LI Sun?
(1.State grid shandong electric power research institute, Jinan250000 2.State grid shandong
electric power company, Jinan250000)

ABSTRACT:
magnanimity of information data in the operation status of
new energy power station, the data mining technology is

In view of the diversity, complexity and

applied to fault diagnosis. On this basis, the overall
process of fault diagnosis methods including clustering
analysis, fault rule mining, fault modeling and other
mathematical statistical theories is designed. The logical
relationship between massive data is redefined at a deeper
level, and the most effective fault characterization is
extracted. The correctness and validity of the method are
proved by comparing the curve of the fault characteristic
parameter prediction results with the field measurement
results. This method has high data processing efficiency,
effectively improves the reliability and accuracy of fault
diagnosis and early warning, and provides a strong
guarantee for the safe operation of new energy network.

KEY WORD: New energy;
data mining;

fault diagnosis;  big
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Fig. 1 Overall block diagram of fault diagnosis
method
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Tab. 1 Fault set and residual set relation table
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Tab. 2 Fault characterization after reduction

V1 V2 V5 V7
Ronl 1 1 1 0
Ron2 0 0 0 1
Ron3 1 0 0 0
Ron4 0 0 1 0
Ron5 1 0 0 1
Ron6 0 0 1 0
Roffl 1 1 1 0
Roff2 0 0 0 1
Roff3 1 0 0 0
Roff4 0 1 1 0
Roff5 1 0 0 1
Roff6 0 0 0 0
F3 BARNSINIERIE
Tab. 3 Minimum fault characterization after integration
vi Y2 Y5 y7
Ronl 1 1 1 0
Ron2 1
Ron3 1 0
Ron4 1
Ron5 1 1
Ron6 1
Roff1 1 0
Roff2 0 0
Roff3 1 0
Roff4 1 1
Roff5 0 1
Roff6 0
3 AL  Forecastaata |
Hrae s r A R T E C T 2017

6 ARk s BRI, X = AR AR BE
FEMHE E SR Wk, BRESHETT
BRI, [FERZ ] 5000Hz 1Rk
BT WS R LU0 R ARS8 1Y 9~18h (4 4%

B, #FFE 6min Il —4H, RN 40s. FRIZE 0971 ‘f
L BI % 5 87 £ L 43 BT R L 2t P ol
3‘ IZEI 4 Fﬁi—\‘o Time (h)

El3 mBEMNSERSIMNSERELR L%

(Fr4fE)
Fig. 3 Comparison curve between voltage
prediction and measured results (standard value)
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Fig. 4 Comparison curve between current
predicted and the measured results
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